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The relevance of the study is determined by the rapid growth of the role of digital corpus tools in contemporary lin-
guistic analytics and the need for critical reflection on their methodological potential. The aim of the article is to provide a
comprehensive investigation of the functional capabilities and limitations of the Sketch Engine platform in the context of
corpus-driven and digital approaches to the analysis of linguistic data. The methodological framework is based on methods
of corpus analysis, contrastive interpretation, and automated explication of lexico-grammatical characteristics, which are
used to assess the performance of the key modules of Sketch Engine and to verify their relevance for working with differ-
ent types of corpora.

The study identifies specific features of the tool’s operation with grammatical and semantic profiles of word usage,
automatic collocational models, and frequency characteristics of lexical units. The effectiveness of Word Sketch, Sketch
Diff, and Concordance is analysed in the investigation of lexico-semantic, syntactic, and pragmatic phenomena, in particu-
lar in the study of emotionally coloured vocabulary in contemporary English.

A number of technical and methodological limitations affecting the interpretation of results are identified, including the
need for corpus data filtering, the complexity of processing polysemy and homonymy, and the dependence of the quality of
automatically generated data on corpus specificity. Examples of the practical application of the tool for analysing linguistic
categories that are difficult to formalise, in particular metaphorical models and emotional states, are generalised.

An approach is developed that combines automated procedures with critical linguistic interpretation in order to increase
the reliability of large-scale textual data analysis. It is concluded that Sketch Engine is a powerful tool for analysing large
volumes of textual data (Big Data); however, its use requires a high level of professional competence, methodological cau-
tion, and a clear awareness of the linguistic context and epistemological goals of scientific inquiry.

The practical significance of the study lies in the possibility of using its results by specialists in corpus linguistics, digital
humanities, and applied linguistics to optimise research procedures and enhance analytical accuracy when working with
different types of corpora.

Key words: digital language data, emotional vocabulary, collocations, corpus tools, tagging, Word Sketch, Concord-
ance.

AKTyanbHiCTb JOCRISKEHHS 3yMOBfIEHa CTPIMKUM 3POCTaHHAM posli LMAPOBUX KOPMYCHUX iHCTPYMEHTIB y Cy4acHin
NIHIBICTUYHIM aHaniTULi Ta HEOOXIOHICTIO KPUTUYHOTO OCMUCIIEHHST IXHBOTO METOZOSONYHOro noTeHuiany. MeTtoto craTTi
€ KOMMJeKCHe JOCNISKEeHHS (PYHKLIOHANbHNX MOXIMBOCTEN | obmexeHb nnatdopmu Sketch Engine y KOHTeKCTi Kopryc-
HO-LMDPOBMX MiAxXodiB 40 aHaniy MOBHUX OaHuX.

MeTogonoriyHy 0CHOBY CTaHOBMSATb METOAM KOPMYCHOrO aHaniay, 3icTaBHOI iHTeprnpeTaLii Ta aBTOMaTM30BaHOro eKc-
MAiKyBaHA NEeKCUKO-rpaMaTUYHMX XapaKTepUCTUK, 3a JONMOMOro AKX 3A4INCHEHO OLHIOBAHHS MPOAYKTUBHOCTI KIHOYOBUX
moaynie Sketch Engine Ta nepeBipeHo iXHI0 peneBaHTHICTb Ans poboTu 3 Pi3HUMM TUNamMun KOpnycis.

BcraHoBneHo ocobnueocTi poboTn IHCTPYMEHTY 3 rpamaTMKO-CEMaHTUYHUMK NPOQiNsMU CIOBOBXWUBAHHS, aBTOMa-
TUYHUMU KONOKaLiNHMMKN MOAENSAMM Ta YaCTOTHUMM XapakTepuUCTMKaMn NEKCUYHUX OAnHMLE. [poaHanisoBaHo eekTuB-
HicTb 3acTocyBaHHss Word Sketch, Sketch Diff Ta Concordance y BUBYEHHI NEKCUKO-CEMAHTUYHUX, CUHTAKCUYHKX | mpar-
MaTUYHUX SIBULL, 30KPEMA Y BUBYEHHI EMOLINHO 3abapBrneHol NEKCHKM Cy4acHOI aHrMinCbKoi MOBMU.

BWsIBNEHO HM3KY TEXHIYHMX Ta METOAOSOMNYHUX OOMEXEHD, L0 BNIIMBAKOTL Ha iHTEPMpEeTaLito pe3ynbTaTiB: HeoOXigHICTb
dinbTpaLii koprnycHoro matepiany, cknagHicTe 06pobku nonicemii Ta OMOHIMIT, @ TaKOX 3anexHICTb AKOCTi aBTOMATUYHO
3reHepoBaHWUX AaHWX Big cneumdikn Kopnycy. Y3aranbHeHO Npuknagm npakTMYHOro BUKOPUCTaHHS iHCTPYMEHTY Ans aHa-
ni3y MOBHWX KaTeropiu, Lo noraHo niggatoTecs hopmManisadii, 3okpema MeTadhopryHNX MOAENEN Ta EMOLINHUX CTaHiB.

Po3pobneHo nigxia 4o NoeAHaHHS aBTOMaTU30BaHKX NPoLeayp i3 KpUTUYHO NIHMBICTUYHOM iHTEpNpeTalieto Ans nig-
BULLEHHSI OCTOBIPHOCTI aHani3y BEMUKMUX MacuBiB TEKCTOBUX AaHUX. PobuTtbcsa BUCHOBOK, Wwo Sketch Engine € noTyXHUM
IHCTPYMEHTOM Ans aHani3y BEMUKUX MacusiB TEKCTOBMX AaHuX (Big Data), npoTe MOro BUKOPUCTaHHS BUMarae BUCOKOT
daxoBoi KOMNETEHTHOCTI, METOAOSONYHOT OBEPEXKHOCTI Ta HITKOrO YCBIAOMMNEHHS NIHrBICTUYHOIO KOHTEKCTY 1 enicTeMo-
NOTIYHKX Linen HayKoBOro MOLLYKY.

[MpakTW4Ha LiHHICTb Nnonsrae y MOXNMBOCTI BUKOPUCTaHHS pe3ynbratiB daxiBLsMy 3 KOPNYCHOT NIHMBICTUKM, LMGPOBOT
ryMaHiTapuCTVKM Ta NPUKNAAHOI NIHMBICTMKM ANA oNTUMI3aLii 4OCNIAHULBKUX Npoueayp i NiABULEHHS aHaniTMYHOI ToY-
HOCTI Mig Yac poboTun 3 Kopnycamu piHUX TUMIB.

KntouoBi cnoBa: LuugpoBi MOBHI AaHi, eMoLliiHa Nekcuka, konokawii, KopnycHi iHCTpyMeHTK, TeryBaHHs, Word Sketch,
Concordance.
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Problem statement. In contemporary linguistics,
digital corpora and automated text-processing tools
have ceased to serve merely as auxiliary resources;
instead, they increasingly shape the methodological
architecture of research, establish new standards
of empirical evidence, and enable the analysis
of linguistic phenomena on a scale previously
unattainable. Modern linguistic  studies are
progressively oriented toward the analysis of large
datasets, as the digitalisation of communication has
led to a rapid expansion of textual information and a
transformation of traditional conceptions of language
patterns. In this context, corpus-based methods
become central to the investigation of the lexical-
semantic, syntactic, and pragmatic characteristics of
linguistic units, enabling the identification of usage
regularities that cannot be established intuitively
or through conventional linguistic interpretation.
Of particular significance are tools that integrate
automated data processing with sophisticated
linguistic modelling, among which Sketch Engine
holds a leading position. Therefore, exploring its
capabilities, limitations, and potential for analysing
emotionally marked vocabulary constitutes a relevant
and timely research objective.

Owing to the flexibility of its search settings and
a wide range of corpus tools (such as Concordance,
Word Sketch, Collocations, Thesaurus, and others),
this platform provides opportunities for multidimen-
sional investigation of lexical-semantic relations,
syntactic patterns, and pragmatic features of linguis-
tic units. Particularly important is the fact that Sketch
Engine allows researchers to build custom corpora
tailored to specific research goals — from the analysis
of media discourse to the study of professional termi-
nology or emotional lexis. This makes the tool uni-
versally applicable within both academic and applied
linguistic research.

Analysis of recent research and publications.
Over the past decades, corpus linguistics has estab-
lished itself as one of the key methodological para-
digms in linguistic research, providing an objective,
representative, and large-scale empirical basis for
the study of diverse linguistic phenomena [1; 2; 3;
6; 8; 24; 31]. In the context of the intensification of
digital technologies [15; 22; 32], the use of special-
ised software platforms that automate data collection,
systematisation, and analysis processes has become
particularly relevant.

One of the most functionally rich and, at the
same time, accessible tools in this domain is
Sketch Engine — an online platform [10] for cor-
pus analysis that allows researchers to work with
both ready-made and independently created cor-

pora. Owing to automated analysis algorithms
[26], including the generation of grammatical and
semantic profiles of word usage (word sketches)
[16; 18], the construction of collocational profiles
[9; 12], frequency lists, and contextual exploration
of key units, this tool is widely employed across
various areas of linguistic studies—from terminol-
ogy and phraseology to cognitive semantics and
emotional lexicography.

A considerable number of scholarly works empha-
sise the functional advantages of Sketch Engine,
particularly its ability to generate grammatical and
semantic word sketches—synthetic representations of
the grammatical and lexical relations of a given unit
based on the frequency analysis of its contextual envi-
ronments. As noted by A. Kilgarriff [19], this func-
tion provides a new level of lexicographic processing
and enables highly accurate modelling of dictionary
entries grounded in real language use. In addition, the
tool offers researchers access to Keyword Analysis,
Collocation Extraction, Thesaurus Building, and
Concordance Search, which significantly broadens
the range of linguistic tasks [11] that can be imple-
mented within the corpus-based approach.

A substantial body of research is devoted to the
application of Sketch Engine in lexicography. For
instance, the studies by I. Kosem [20] demonstrate
the effectiveness of this tool in compiling academic
and learner dictionaries, where the automatic extrac-
tion of typical contexts and grammatical construc-
tions is crucial. Within lexical-semantic research,
the platform is employed to analyse synonymy, ant-
onymy, semantic fields, and conceptual domains, as
illustrated in studies of emotional vocabulary [5; 27;
30].

Sketch Engine is also integrated into discourse
analysis. In the works of Baker [4] and Mautner [23],
it is shown how corpus-based approaches can reveal
latent patterns of ideological and sociocultural repre-
sentation in media discourse. In this context, Sketch
Engine functions not only as a tool for examining
lexical structures but also as a powerful means of
identifying discursive practices.

Ukrainian scholars likewise actively contribute to
the development of corpus-based approaches. In the
study by Holoshchuk [17], the current state of corpus
linguistics is analysed as an interdisciplinary research
paradigm grounded in the computerised processing
of large textual datasets. The author concludes that
corpus linguistics represents a priority and direc-
tion for contemporary philological research, as it
provides an empirical basis for analysing authentic
language data, enhances the reliability of linguistic
findings, and expands opportunities to investigate
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language change at different levels (lexical, seman-
tic, grammatical).

According to R. Makhachashvili and A. Bakhtina
[21], the use of digital methods is particularly prom-
ising for the analysis of emotional content, since such
data are characterised by high contextual variability
and pragmatic density. T. Diak and Yu. Hrytsiuk [13]
argues that corpus tools are effective for identify-
ing keywords and stable thematic structures in folk-
lore genres, demonstrating their capacity to handle
texts of diverse stylistic and cultural origins. In turn,
I. Dilay and M. Dilay [14] emphasise that cognitively
oriented corpus linguistics requires integrating instru-
mental precision with theoretical models of interpre-
tation, especially for the analysis of emotional state
vocabulary.

Special attention should also be paid to technical
and methodological issues. A number of studies [16;
18] highlight the need for a critical approach to inter-
preting results from automated tools, particularly in
cases of polysemy, syntactic ambiguity, or corpus
non-representativeness. Since Sketch Engine relies
on pre-automated annotation, the analytical results
largely depend on the quality of morphological and
syntactic tagging, which is not always sufficiently
accurate, especially for languages with highly devel-
oped inflectional systems. No algorithm is univer-
sally optimal: complex models (including large lan-
guage models) achieve higher accuracy but require
substantial computational resources, whereas simpler
methods are more computationally efficient.

Thus, the review of scholarly sources indicates
that Sketch Engine is not only a technically advanced
platform but also a powerful analytical instru-
ment that opens up new perspectives for linguistic
research. At the same time, there is an urgent need
for further reflection on its limitations, the develop-
ment of methodological principles for its effective
use, and the integration of automated corpus analysis
with qualitative interpretative approaches.

The implementation of these tasks enables a com-
prehensive understanding of the status, effectiveness,
and perspectives of applying Sketch Engine as a cor-
pus linguistics tool, as well as to identify directions
for the further development of methodologies for its
use in the humanities.

The methodological framework of the present
study is based on the principles of corpus linguistics,
which involve the analysis of linguistic units using
large, representative text corpora [28; 29] processed
with digital tools. The central analytical instrument
of the study is the Sketch Engine platform, which
enables both quantitative and qualitative analysis of
linguistic data across different languages.

The study employs an integrated approach that
combines the following methods:

1. Corpus-linguistic method, involving the
selection, processing, and analysis of language data
using corpora. In particular, various types of corpora
(including the British National Corpus [7], TenTen
corpora, OpenSubtitles, enTenTen21, etc.) available
in Sketch Engine were reviewed and tested.

2. Quantitative analysis, which makes it possible
to establish frequency characteristics of lexemes,
grammatical structures, collocations, and keywords.

3. Qualitative analysis, aimed at interpreting usage
contexts through Concordance Search, Contextual
Filtering, and Corpus Query Language (CQL).

4. Comparative analysis, allowing corpus-based
results to be compared with other sources (dictionar-
ies, theoretical models, previous studies) in order to
verify data validity.

5. Critical analysis of platform functionality,
intended to evaluate the limitations of Sketch Engine,
particularly those related to automated annotation,
result interpretation, corpus specificity, and linguistic
ambiguity.

The application of this methodology has
enabled a multi-level analysis of Sketch Engine as
a research tool, revealing its functional capacities
and limitations, outlining its potential domains of
application, and outlining directions for further
corpus-based linguistic research.

The literature review demonstrates that, despite
substantial development in corpus approaches,
insufficient attention has been paid to a systematic
analysis of Sketch Engine’s potential for the study
of emotional vocabulary, particularly in terms of its
lexical-semantic, syntactic, and pragmatic behaviour.
Moreover, previous studies often focus on isolated
technical aspects of the platform without offering a
comprehensive assessment of its analytical potential
and methodological constraints. This creates a clear
need for research that synthesises the tool's functional
parameters and demonstrates the specific features of
its application to the analysis of emotional lexis in
contemporary English.

Statement of the Task. The aim of the present
study is to provide a comprehensive examination of
the functional capabilities and limitations of the digital
platform Sketch Engine in its application to corpus-
based analysis of linguistic data in contemporary
linguistics. The study focuses on evaluating the tool
as a means of automated investigation of lexical-
semantic, grammatical, and discursive features of
language, as well as on critically reflecting on the
factors that affect the validity and interpretation of
corpus-based results.
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In accordance with this aim, the study seeks to
address the following objectives: to analyse the
theoretical foundations of the corpus-based approach
in linguistics and to determine the role of digital tools
in modern linguistic research; to characterise the
functional potential of Sketch Engine as a platform
for corpus analysis, including the types of corpora,
available operations, and output formats; to examine
the main methods of linguistic data processing
in Sketch Engine, in particular word sketches,
collocation analysis, concordance search, frequency
lists, keyword extraction, and related techniques;
to identify the technical, methodological, and
interpretative limitations of using Sketch Engine in
linguistic studies; and to substantiate the relevance of
applying Sketch Engine to the analysis of emotional
vocabulary as an example of a linguistic category
characterised by a high degree of semantic variability
and contextual dependence.

Presentation of the Main Material. In the
present study, a systematic analysis of the functional
capabilities of the Sketch Engine platform was
conducted as a corpus analysis tool that integrates
automated processing of linguistic data with flexible
analytical mechanisms. The primary focus was
on tools most relevant to contemporary linguistic
research, particularly for investigating the lexical,
semantic, and discursive characteristics of linguistic
units.

The Sketch Engine platform provides access to
more than 500 corpora across over 90 languages,
enabling both cross-linguistic and intra-linguistic
comparisons. The corpora may be either general or
specialized (e.g., scientific texts, mass media, social
networks, spoken language), allowing researchers
to select an appropriate linguistic environment

in accordance with specific research objectives
(Fig. 1). Within the framework of the present study,
several English-language corpora—namely the British
National Corpus (BNC) and enTenTen2l-were
selected for the analysis of emotional vocabulary as
an illustrative case of the functional application of
Sketch Engine.

One of the most powerful and at the same time
methodologically significant functions of the Sketch
Engine platform is Word Sketch—a tool that enables
the automated generation of a generalised lexico-
grammatical profile of a word. This function is based
on the statistical analysis of co-occurrence patterns
of lexical items within a given corpus and provides
the researcher with structured information about
the typical syntactic, collocational, and semantic
relations of a particular unit. Essentially, Word
Sketch can be viewed as a “lexicographic portrait”
of a word, revealing its linguistic behaviour through
frequency-driven patterns of actual usage.

Word Sketch constructs a set of collocations
grouped according to types of grammatical relations
(e.g., modifier of noun, object of verb, subject of
verb, adjective modified by, etc.). The algorithm
automatically identifies which words most frequently
co-occur with the target unit and determines the
strength of these associations using statistical
measures such as LogDice, Ml-score, T-score, and
others. As a result, Word Sketch makes it possible to
describe a lexeme not merely as an isolated unit, but as
a node within a system of semantic and grammatical
relations that reflect its actual functioning in language.

In the study of emotive vocabulary, that is, words
denoting or expressing emotional states, the Word
Sketch function is particularly valuable. It enables the
reconstruction of emotional scenarios and contextual
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Fig. 1. Sketch Engine Dashboard
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patterns in which specific lexemes reveal their
semantic behaviour. For instance, an analysis of the
lexeme sad in the British National Corpus using Word
Sketch reveals typical collocations in the position of
a nominal modifier (sad story, sad eyes, sad truth),
as a predicative adjective (feel sad, become sad, look
sad), as well as with intensifying adverbs (very sad,
deeply sad, unbearably sad). These combinations not
only capture syntagmatic relations but also reproduce
the emotional continuum of Anglophone culture,
in which sadness is represented through bodily,
cognitive, and aesthetic images.

A similar analysis of the Ilexeme happy
demonstrates an opposite semantic profile in terms of
emotional valence. Word Sketch registers dominant
links with the verbs feel, look, make, and become
(as verbal contexts) and with nouns such as life,
people, moment, and child functioning as subjects
or objects of the emotional state. Collocations such
as truly happy, extremely happy, and perfectly happy
indicate typical patterns of intensification of positive
emotion, whereas combinations like happy to help or
happy with results illustrate the pragmatic function of
approval or satisfaction. Thus, Word Sketch allows
researchers to identify quantitatively and interpret
qualitatively the typical lexico-semantic patterns that
encode ways of verbalising emotional states.

For the analysis of more complex emotions—such
as the lexemes angry, anxious, and excited—the Word
Sketch function helps determine which verbs most
frequently co-occur with a given emotion in subject
or object position. In the case of angry, dominant

WORD SKETCH
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constructions include get angry, feel angry, and
make someone angry, which point to the emotion's
dynamic character, conceptualised as arising in
response to stimuli. By contrast, the analysis of
anxious reveals collocations such as anxious about
the future and anxious to please, which illustrate the
cognitive-behavioural dimension of anxiety, while
excited predominantly co-occurs with the verbs feel,
get, and be, and with nouns like news, idea, and
audience, indicating the affective-evaluative nature
of this emotional state. For example, the analysis of
the lexeme anger in the enTenTen21 corpus revealed
typical grammatical relations (notably with cause,
feel, suppress, and explode with), which enabled
the reconstruction of recurrent usage patterns of the
lexeme in authentic linguistic contexts (Fig. 2).

Word Sketch also makes it possible to compare
the lexico-grammatical profiles of two or more
words through the Sketch Diff tool. For example, a
comparison of angry and annoyed reveals differences
in the degree of intensity and social markedness:
while angry more frequently occurs in constructions
with verbs such as get, make, and sound, annoyed
shows a higher collocational frequency with modifiers
like slightly, mildly, and clearly, which points to a
gradation in emotional intensity. This comparative
approach is particularly useful for lexicographic
description, the construction of emotional thesauri,
and the refinement of emotional scales in corpus-
based digital research.

Another important aspect is the possibility of
analysing contextual variation across corpus types.

verbs with “anger” as subject

boil
anger boling

Fig. 2. Typical grammatical relations of the lexeme "anger" in the enTenTen21 corpus
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For instance, in social media corpora, Word Sketch
for the lexeme sad may reveal combinations such
as sad af, so sad rn, that’s sad lol, which reflect
emerging informal patterns of emotional expression
and a shift from describing an internal state to
evaluating an event. In contrast, in literary corpora,
more metaphorical or aestheticised combinations
are typically observed—such as sad melody, sad
beauty, or sad silence—which indicates genre-based
differentiation in emotional expression.

Thus, the Word Sketch function in Sketch Engine
is not merely a technical means of identifying
collocations, but an analytical instrument for
investigating the linguistic conceptualisation of
emotions. Itenablesresearchers touncoverregularities
in the expression of emotional states, trace semantic
nuances, compare stylistic variants, and formalise
patterns of emotional discourse. In combination with
the Concordance and Word List tools, Word Sketch
forms the basis for in-depth corpus-based digital
analysis, allowing scholars to integrate the statistical
reliability of data with linguistic interpretation and
thereby bringing corpus linguistics closer to a more
cognitively oriented understanding of emotional
language.

One of the key functions of the Sketch Engine
platform that ensures the analytical depth of
corpus research is Collocation Analysis—a tool for
identifying statistically significant co-occurrences of
lexical units within a specified contextual window.
From the perspective of contemporary linguistics,
collocational analysis constitutes an essential
component of the semantic-cognitive approach to
language study, as it enables empirical investigation
of how associative links between words are realised in
actual language use, thereby shaping conceptual and
emotional profiles. In Sketch Engine, this function
is implemented with a high degree of automation,
combining quantitative methods with linguistically
relevant parameters, such as part-of-speech relations,
positional patterns, directionality of collocational
dependency, and statistical measures.

The Collocation Analysis function determines
which units most frequently co-occur with a target
word within a predefined context window (typically
+5 or £10 positions). The results are presented in
a table containing the collocate, its part of speech,
co-occurrence frequency, and a statistical index of
association strength—such as LogDice, MI-score
(Mutual Information), T-score, or Log-likelihood.
These parameters make it possible to identify not only
the frequency of combinations, but also the degree of
associative stability, which is critically important for
the description of emotionally marked lexical units.

Collocational analysis is particularly effective
in the study of positively expressive vocabulary, as
such units tend to form stable emotional-semantic
fields. As an illustrative example, let us consider
the key lexeme happiness in the enTenTen (English
Web Corpus) (Fig. 3), which contains over 19 billion
words and represents a broad range of contemporary
English-language discourse.

The collocational profile of happiness reveals that
its most frequent associative partners can be grouped
into several semantic categories:

1. Abstract concepts reflecting internal states or
their sources: joy, peace, contentment, satisfaction,
love, success, freedom, fulfilment. These collocations
reflect a cognitive schema of harmony, in which
happiness is conceptualised as a state of balance
between emotional, spiritual, and social well-being.

2. Verbs denoting the cause, acquisition, or
expression of happiness: bring happiness, find
happiness, experience happiness, seek happiness,
share happiness, spread happiness, achieve happiness.
These combinations illustrate a dynamic model
of emotion, in which happiness is the outcome of
action. For instance, the collocations bring happiness
and spread happiness, emphasising the altruistic
dimension of positive emotions, characteristic of
humanistic and ethical discourses.

3. Adjectival modifiers indicating the degree or
source of the emotional state: true happiness, pure
happiness, lasting happiness, real happiness, eternal
happiness, great happiness. Such expressions reflect
the intensification of emotional meaning and reveal
a tendency toward the idealisation of the concept
of happiness. Particularly indicative is the use
of the adjectives true and real, which foreground
the emotion's authenticity and moral-evaluative
dimension.

4. Contextual collocations with nouns from the
social or cultural domain: Happiness Index, happiness
level, happiness study, The Happiness Project.

These expressions demonstrate the sociolinguistic
institutionalisation of the concept of happiness in
contemporary public discourse, where emotion is
redefined as a domain of measurable indicators of
well-being.

The collocational analysis of happiness also
enables the identification of evaluative frameworks.
For example, combinations such as happiness
and success or happiness and love indicate the
alignment of happiness with socially approved
values. By contrast, pairs like happiness and sorrow,
or happiness and misery, construct antithetical
conceptual oppositions that structure the emotional
scale of human experience.
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The use of statistical measures in Sketch Engine
enables researchers to distinguish between high-
frequency but weakly associated collocations (e.g.,
find happiness) and relatively infrequent but strongly
associated semantic pairs (e.g., eternal happiness). In
this respect, the LogDice measure is more balanced, as
it takes into account both frequency and proportional
strength of association, unlike the MI-score, which
tends to overestimate rare combinations. Thus, the
Collocation Analysis function in Sketch Engine does
not merely register co-occurrence, but also allows
collocations to be ranked according to their degree
of lexico-semantic relevance, which is particularly
valuable in the study of emotionally marked
vocabulary.

The application of collocational analysis to the
study of positively marked emotional concepts,
such as happiness, reveals not only frequency-
based patterns but also the underlying cultural
and axiological structures that shape the use of
this lexeme. For instance, in Western discourse,
happiness is often correlated with categories such as
achievement, freedom, and love, whereas in Asian
corpora (e.g., the Japanese Web Corpus), contexts
emerge in which happiness is associated with family
harmony, gratitude, and inner peace, reflecting the
cultural specificity of the emotional concept.

It can therefore be assumed that Collocation
Analysis in Sketch Engine functions not merely
as a tool for statistical computation, but as a

WOR D S KETC H English Web 2021 (enTenTen21)

hdppiness as noun 1,098, 103«

= HEOX &
modifiers of “happiness™

sl =
nouns modified by “happiness™

Concordance ez happiness + poy attain

Jay . happinasas.
concantrated in. rofigion
sternal
etemnal happiness
happiness + py e
raligion © .
sducation .

verbs with "happiness” as object

attain hapgingss

methodological instrument for reconstructing
the conceptual structure of emotional notions. Its
application to the study of positively marked lexis,
and happiness in particular, makes it possible to
describe systemic patterns of emotional expression,
trace the dynamics of their cultural representations,
and uncover latent patterns of associative thinking.

The Concordance Search tool proved particularly
useful for qualitative analysis of lexical usage contexts,
enabling identification of ironic, metaphorical, or
pragmatically conditioned uses of linguistic units.
Unlike statistically oriented functions (such as
Collocation Analysis or Word Sketch), concordance
provides an in-depth contextual approach that allows
the researcher to observe a lexeme “in action,” that is,
in its authentic textual realisations. This feature makes
Concordance Search an indispensable tool for the
interpretative analysis of emotionally, evaluatively,
and pragmatically marked units.

The Concordance Search tool allows researchers
to generate usage examples (concordance lines)
based on queries formulated as lexemes, word forms,
parts of speech, or CQL (Corpus Query Language)
patterns. Each result is displayed in the KWIC (Key
Word In Context) format, with the target word in
the centre and its left and right context. This format
ensures balanced contextual visibility, enabling
the researcher to trace regularities in syntactic
environments, stylistic features, and connotative
shifts in meaning.
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In corpus-based studies of emotional
vocabulary, Concordance Search functions as a
kind of microscope, enabling the capture not only
of frequency but also of the semantic flexibility
of emotional concepts. For example, the analysis
of concordance lines for the lexeme fear in the
enTenTen corpus (Fig. 4) shows that this word
frequently occurs in political or media discourse
in ideologically loaded contexts. In this respect,
Concordance Search within Sketch Engine
provides a powerful qualitative complement to
quantitative corpus methods, allowing researchers
to integrate statistical tendencies with fine-grained
semantic and pragmatic interpretation.

“Politicians exploit the publics fear to gain
support for stricter policies.”

“The campaign was driven by fear rather than
facts.”

“Media outlets amplified fear of migration to
influence public opinion.”

Such examples demonstrate that fear extends
beyond its basic emotional meaning (“the feeling
of fear”) and acquires a discursive function of
manipulation, becoming an instrument of emotional
influence in the rhetoric of power or the media. In
this way, qualitative concordance analysis enables
the identification of pragmatic strategies by which
emotional vocabulary shapes evaluations, beliefs, or
social attitudes.

Similarly, the analysis of the positively marked
lexeme happiness in the same corpus reveals a range
of semantic nuances depending on the communicative
genre:

“Happiness is not something ready-made. It
comes from your own actions.”

“Buying a new phone gave her a brief moment of
happiness.”

“Governments should measure citizens happiness
alongside economic growth.”

In the first example, happiness carries an
existential-philosophical nuance; in the second, a
consumerist-emotional one; and in the third, a social-
institutional one. Through concordance analysis,
the researcher can classify the types of contexts in
which particular meanings of an emotional lexeme
are actualised and trace how the concept changes
across different discursive domains (media, politics,
advertising, personal blogs, etc.).

Particular attention should be paid to the
identification of ironic and metaphorical uses of
emotional lexemes. Thus, in concordance lines for
love, secondary and humorous uses are frequently
observed, where emotional expression is accompanied
by ironic distancing:

’

“Oh, I just love waiting in traffic for hours.’

“Don 't you just love when your computer freezes
right before a deadline?”

In these examples, the lexeme love operates
within an inverted semantic field, producing a sense
of sarcasm. Such cases are almost impossible to
detect using purely statistical methods; however, they
are readily identifiable through Concordance Search,
which underscores the importance of the qualitative
stage in corpus analysis.

Another example concerns the metaphorical use
of emotional lexemes, in which a word transfers its
meaning from the psychological domain to the social
or political one:

“The nation was gripped by fear after the
announcement.”

“The city breathed happiness during the festival.”

Here, fear and happiness function as
anthropomorphised categories that describe not
individual but collective states. Through concordance
analysis, the researcher can trace a shift in focus from
individual emotion to collective metaphor, which is
of considerable significance for cognitive-discursive
interpretation.

An important function of Concordance Search
is the ability to sort results by various parameters:
part-of-speech context, left or right context, lexical
pattern, or text source. This allows the material
to be structured by semantic types and enables
the identification of conventional usage patterns—
for example, verbal constructions such as feel
fear, overcome fear, spread happiness, and find
happiness. Further analysis of such patterns opens
up the possibility of semantic profiling of emotional
concepts, in which each lexeme emerges as the centre
of a network of contextual associations.

It follows that Concordance Search in Sketch
Engine is not merely a basic technical search tool,
but a methodological platform for the interpretative
analysis of emotional concepts. It facilitates the
transition from the quantitative to the qualitative level
of corpus research, enabling the description not only
of usage frequency, but also of pragmatic strategies,
semantic variability, and cultural connotations of
emotional lexemes. In this way, concordance analysis
becomes a key stage in constructing a comprehensive
corpus-based model of emotional discourse, in
which emotion is viewed as a multidimensional
phenomenon—simultaneously linguistic, cognitive,
and social.

Despite its evident functional power and broad
analytical potential, using Sketch Engine as a corpus
analysis tool entails several limitations that require
the researcher to reflect critically. These concern
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Fig. 4. Contextual analysis of the lexeme fear in corpus data using the Concordance Search tool

not only the technical aspects of working with the
platform but also methodological risks associated
with interpreting automatically generated results. It
is important to emphasise that the effectiveness of
corpus-based research largely depends not on the tool
itself, but on the researcher’s competence and ability
to combine quantitative indicators with linguistically
grounded conclusions.

One of the first and most significant limitations
concerns errors in lemmatisation and part-of-speech
tagging (POS-tagging). In Sketch Engine, these
processes are performed automatically using built-in
machine-learning algorithms that do not always
adequately account for polysemy, contextual shifts,
or idiomatic usage. For instance, in the case of words
such as love or fear, the algorithm may incorrectly
identify the part of speech in expressions like to
love deeply’ or 'a deep fear’, or fail to distinguish
emotional meanings from metaphorical or
grammaticalised uses. Such errors affect frequency
counts, collocational profiles, and even the results
of automatic comparisons of lexical relations (Word
Sketch). For emotionally marked vocabulary, where
meaning is highly context-dependent, this problem is
particularly acute.

A second problematic dimension concerns the
structure of the corpora themselves, especially their
size, genre representativeness, and balance. Although
the platform offers hundreds of ready-made corpora
in different languages, not all of them are of the
same quality. In some corpora, certain genres (e.g.,
news or internet discourse) may dominate others,
leading to statistical distortions in the data. In this

context, analysing the lexeme happiness in a corpus
dominated by social media texts may create the
impression of its predominantly everyday-emotional
or advertising-evaluative use, while academic or
literary contexts remain underrepresented. Such
genre disproportionality calls into question the
representativeness of the sample and requires
cautious interpretation of quantitative results.

A third limitation lies in the technical complexity
of certain platform functions. Tools such as
CQL (Corpus Query Language), custom corpus
building, and advanced frequency comparison
require specialised technical training. Without a
basic understanding of corpus programming, query
logic, and XML markup, the researcher may obtain
incomplete or incorrect results. In this respect, the
entry threshold for Sketch Engine remains relatively
high for linguists who lack experience with formal
query languages.

Another important issue is the interpretative
ambiguity of automatically generated data. Even
when the system functions correctly, Sketch Engine
cannot guarantee that the identified collocations
are linguistically relevant for emotionally
marked vocabulary. For example, the frequent
combination fear + of does not necessarily indicate
a stable collocation—it may simply reflect structural
regularities of English. Thus, automatic frequency
does not equal semantic significance. Without
additional qualitative analysis of concordances, such
results may lead to misleading generalisations.

It is also necessary to take into account the
difficulties of working with polycode texts (for
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example, media discourse containing emojis,
hyperlinks, tagged elements, or graphic symbols).
Current recognition algorithms in Sketch Engine
do not always accurately process these elements,
which complicates the study of new forms of verbal
expression, such as verbal emoticons or iconic
orthography. For contemporary linguistics, which
increasingly focuses on digital communication
genres, this constitutes a substantial methodological
limitation.

Furthermore, an important factor remains the
dependence on corpus updates and algorithm
versions. Sketch Engine continuously improves its
tagging models, but this may lead to incompatibility in
results from a diachronic perspective. Data obtained
in different years may be difficult to compare due
to changes in lemmatisation principles or statistical
calculations. In long-term studies (e.g., diachronic or
linguocultural research), such variability may distort
trends or complicate the replication of results.

Among other limitations, one should also note the
lack of full transparency of the algorithms underlying
the calculation of collocations or the assessment of
associative strength (for example, LogDice score or
MI score). Although these measures are standardised,
it is not always clear to the researcher how the system
processes ambiguous cases or calculates frequencies
in large corpora with duplicated data.

Finally, the limitations of Sketch Engine also
concern the incomplete universality of its approaches
across different languages. Algorithms developed for
English often demonstrate lower accuracy in corpora
of other languages with more complex morphological
systems and greater lexical context dependence. For
Ukrainian or Polish, typical errors in lemmatisation
or tagging may reach 10-15%, which significantly
affects the validity of quantitative conclusions.

Despite these limitations, Sketch Engine remains a
leading analytical environment in corpus linguistics,
combining large-scale data with flexible settings and
the potential for deep interpretation. Its effectiveness
depends directly on the researcher's methodological
awareness, who must not only use the tool but also
critically evaluate the results. Thus, Sketch Engine
should be viewed not as an “automatic researcher”,
but as an intellectual partner in scientific inquiry—
powerful, yet demanding in terms of accuracy,
representativeness, and interpretative rigour.

Conclusion. Summarising the results of the
conducted study, it can be argued that the Sketch
Engine platform has established itself as one of

the most powerful tools in contemporary corpus
linguistics, providing a multi-level analysis of
linguistic phenomena. Its functional capabilities
enable the combination of the empirical precision
of quantitative data with the depth of qualitative
interpretation, rendering this tool indispensable for
research in lexis, semantics, and pragmatics, as well
as for the study of language dynamics in the digital
environment.

The results of the analysis have demonstrated
that Sketch Engine effectively performs the tasks
of identifying collocational structures, constructing
lexico-grammatical profiles, and analysing the
contextual use of lexemes, particularly in the domain
of emotional vocabulary, where contextual variability
and pragmatic load are key. The combination of
tools such as Word Sketch, Collocation Analysis,
and Concordance Search enables a comprehensive
analysis of linguistic units—from their structural
relations to their discursive realisations.

At the same time, the study emphasises that
even the most advanced digital tools available today
cannot replace the interpretative competence of the
researcher. The accuracy of linguistic conclusions
largely depends on the quality of the corpus data, the
level of automatic annotation, the representativeness
of the sample, and the scholar's methodological
awareness. The identified limitations—such as
lemmatisation errors, corpus heterogeneity, or the
complexity of working with CQL queries—do not
diminish the value of the platform, but rather highlight
the need for a critical and reflective approach to
corpus analysis.

Thus, Sketch Engine should be regarded not
merely as a technical tool, but as a methodological
digital system that integrates automation with
analytical thinking. Its use opens new perspectives
for cognitive, sociolinguistic, and emotion-semantic
analysis, and also contributes to the development of
new interdisciplinary approaches within the field of
digital humanities.

Further research should be directed towards the
development of specialised corpora for the analysis
of specific thematic, genre-based, or sociolinguistic
domains, as well as towards the integration of corpus
tools with machine learning methods to enable
in-depth analysis of dynamic language changes. In
this context, Sketch Engine emerges as a platform
capable not only of recording linguistic facts but also
of facilitating the understanding of language as a
living, variable, and cognitively rich system.
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